IN THE SPEC IFICATION'S TRACT 



1 ) On page 1 7, please amend the first full paragraph as shown below: 

Computer 1 10 typically includes a variety of computer readable media. Computer 
readable media can be any available physical media that can be accessed by computer 110 
and includes both volatile and nonvolatile media, removable and non-removable media. By 
way of example, and not limitation, computer readable media may comprise physical 
computer storage media-afK^Gemffl«f^at4en-me4ta. Computer storage media includes 
volatile and nonvolatile removable and non-removable media implemented in any physical 
method or technology for storage of information such as computer readable Instructions, data 
structures, program modules or other data. Computer storage media includes physical 
devices such as, but i s not li mi ted-tor RAM, ROM, EEPROM, flash memory or other memory 
technology, CD-ROM, digital versatile disks (DVD) or other optical disk storage, magnetic 
cassettes, magnetic tape, magnetic disk storage or other magnetic storage devices, or any 
other physical medium which can be used to store the desired information and which can be 
accessed by computer 110, Gemmi^atien-mec&a4yfW0lly--^ 

i nstruct i ons, data -sta)e-tu-res-,--program-mG<iul&s-or--othef-<jata-lfi-^-fftQdu;ate d data sign al-sue^ 
as a carr i er wave or other transport mechan i sm and i ncludes any i nformat i on de liver y medlo.- 

^-Qr--G^ange4-iB-suGh-a-fflamer-^s to ertGQde-4Frfoffflation-4 n the s i gnal -By 
i v and R eHffflttetie rh commun i cat i on media i r 
stioRy- and - wirel ess-ffi 

and-etoer-wirete ss med i a. Co mbi nations of any e l- the abow -shguid^lso-be-lnGkjded -witNfi 
mpwtef-readafele-medra-.- 



2) Piease replace the Abstract page with the following: 

TRANSFO RM ED HIDDEN MARKOV MOPa^ 

ABSTRACT OF THE INVENT I ON 

A fast variational on-line learning technique for training a transformed hidden 
Markov model. A simplified general model and an associated estimation algorithm 



is provided for modeling visual data such as a video sequence. Specifically, once 
the model has been initialized, an expectation-maximization ("EM") algorithm is used 
to learn the one or more object class models, so that the video sequence has high 
marginal probability under the model. In the expectation step (the "E-Step"), the 
model parameters are assumed to be correct, and for an input Image, probabilistic 
inference is used to fill in the values of the unobserved or hidden variables, e.g., the 
object class and appearance. In one embodiment of the invention, a Viterbi 
algorithm and a latent image is employed for this purpose. In the maximization step 
(the "M-Step"), the model parameters are adjusted using the values of the 
unobserved variables calculated in the previous E-step. instead--©^ 

^--mvention-effipteys-a-n-o n -li ne algorithm that passe s-t hrough th e-date-oniy-once 
iasses -as -thenewdata 4s observed 4s~p 
^ferencekvth* 

Gompomnte-wbscl-vfed^ 

l>!%^Jeet-femQvai-0^ 



